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Nobel Prize
in Physics

The 2017 Nobel Prize in Physics has been awarded to LIGO co-founders. (Medal image: Wikipedia. Collage: LIGO Lab)

2017 Nobel Prize in Physics Awarded to LIGO Founders

Caltech Press Release | MIT Press Release

Caltech Press Release
Caltech Scientists Awarded 2017 Nobel Prize in Physics
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Machine-learning for Materials and Physics Discovery through Symbolic Regression and Kernel Methods

HRIR 3

e )

HELRE 4: MENZYRZEARMTENRFHEREEANSYIEN AN BT
Recent Advances from Function Space Characterization of Neural Nets with Implications for Physical
Applications

IR 4

LA

HLRES: AMENENENERATIREYRLEN

Hunting for Dark Matter Substructures in Strong Lensing with Neural Networks

HWRIR S5

E WAV

ELFE6: EFZUYEZNERNTLER
Generative and Variational Modeling for Quantum Many-Body Physics

v BE

W3R 6 RIRGIRE

M ERTERS (B % HE, RIEKCFRIER, TRIMFIFE.



